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The minimization problem can be rewritten as following:
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Gram-Schmidt orthogonalization procedure:
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Now the Gmres algorithm can be read as following
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The convergence analysis is similar to the convergence analysis
for CG. We leave the analysis to readers.
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Remark2: Proconditioning is generally needed to accerlatethe convergence
                rate. Moreover, due to possible lose of orthogonality in the 
               Gram-Schmidt process. 
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By applying rotation matrices to H, one can easily solve the 
above minimization problem.
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The GMRES algorithm can be rewritten as following


	投影片編號 1
	投影片編號 2
	投影片編號 3
	投影片編號 4
	Now the Gmres algorithm can be read as following
	投影片編號 6
	投影片編號 7
	By applying rotation matrices to H, one can easily solve the �above minimization problem.
	投影片編號 9
	The GMRES algorithm can be rewritten as following

